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[Abstract)

methods for liver tumors. In order to achieve an accurate and safe ablation treatment, the preoperative

Image -guided percutaneous ablation has been one of the most important local treatment

puncture path planning based on imaging is particularly important. However, the experience in planning
puncture path is different from physician to physician, resulting in quite different degrees of curative efficacy
and complications, which limits the clinical promotion and application of ablation treatment. Using digital
technology to quantify expert experience and formulate the puncture path planning is a hot topic of research in
recent years, and it is expected that digitalization formulation of automated, normalized and standardized
puncture path planning can be realized in near future. This paper reviews the recent progress in the planning
of the ablation puncture path from the perspective of digital technology.  (J Intervent Radiol, 2023, 32.
400-403)
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