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[Abstract] Thyroid nodule has been one of the common clinical diseases. Early and accurate diagnosis
of the nature of thyroid nodules is of great significance to the clinical treatment and prognosis of patients.
Artificial intelligence-assisted (Al-assisted) technology has already been widely used in the clinical diagnosis
and treatment of thyroid nodules, and how to use Al-assisted technology to make accurate diagnosis of benign
and malignant thyroid nodules and to predict the cervical lymph node metastasis are the hot-spots in current
researches. By using deep learning technology and convolutional neural network technology, radiomics
approach has been adopted to establish the prediction model which can provide important information for
preoperative decision-making in the treatment of thyroid nodules. This paper aims to make a detailed review
about the application progress of Al-assisted technology in diagnosing thyroid nodules and in predicting lymph
node metastasis.  (J Intervent Radiol, 2021, 30. 323-326)
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