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[Abstract]  Thyroid nodule has been a common disease that endangers the health of population, and
clinically the risks of excessive and insufficient diagnosis and treatment are usually coexisting. How to
correctly screen out patients with thyroid cancer and precisely stratify the invasiveness of thyroid cancer is the
clinical and scientific key issue that needs to be solved urgently. The introduction of the concept of
“ultrasound-cell-gene” omics has solved many clinical difficult issues, as this concept aims especially at the
following present clinical challenges: for thyroid nodules ultrasonography is of high sensitivity but low
specificity, a large number of cases can not be definitely diagnosed by cytology, the preoperative gene
detection is usually just testing a single target spot, based on which the follicular tumors can not be
distinguished, etc. It can be reasonably and optimistically expected that the establishment and continuous
improvement of the “ultrasound-cell-gene” omics system will gradually enable the thyroid nodule risk
stratification method to achieve the goals of early, precise, intuitive, quantitative and easy to implement
diagnosis, and it will also provide an important guidance for the selection of various new diagnosis and
treatment schemes. (J Intervent Radiol, 2020, 29. 963-967)
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